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Abstract

Measuring influence on social networks has attracted tremendous interest from both academia
and industry. Social Network Services are known as an effective marketing platform where
customers trust the advertisements which are provided by their friends and neighbors. Therefore,
selecting seed user is the primary concern in viral marketing. In addition, most of the developed
algorithms and tools mainly depend on the static network structure. In this paper, we propose
influence measurement based on sentiment analysis in the social network. This model considers the
most influential user in the community as the candidate for the top-k seeds. We employ influence
maximization problem for evaluating proposed method. Experiments show that the proposed

method performs consistently well in influence maximization.

Keywords: Big Data, Sentiment Analysis, Influence, Social Network Service, Influence Maximization
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